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* bounded

Sxponential “finite-variance heavy-tailed”
log-normal , (O-regularly varying with Matuszewska indices less than -2)
weibull... /" MDA(A) with “quasi-decreasing hazard

rate”, e.g. h(x) =0(x™")

22



M/G/1 Heavy-Traffic Scaling



M/G/1 Heavy-Traffic Scaling

Theorem:
-

“infinite variance” -{

.
-

“finite variance” <

23



M/G/1 Heavy-Traffic Scaling

Theorem:
[ If X € OR(—2,—1), then
“infinite variance” 1
t { E[T | = @(log ),
1-p
_
-

“finite variance” <

23



M/G/1 Heavy-Traffic Scaling

Theorem:
[ If X € OR(—2,—1), then

E[T ]=@(log1ip),

“infinite variance” -{

.

(" and if X € OR(—o0,—2) UMDA(A) UENBUE,
then

“finite variance” {

E[T ]:@(L/ max E[X—Db|X > b]

1—=p | o<b<F;1(1-p)

.

)
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